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GPT ( Generative Pre-training Transformer ) B—fKENESHEEY |, e SZfAE
HISCASEE | M ChatGPT NI iEmEEFINAERY , ERJLIRE L XX BaEmkiR
AE—HFRIN AT E,
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“thR S 3 “UREESIREA”
SEL? — “LRIBEAILIE” &Y

“XR—AFEEm”

GPT = Generative Pre-trained Transformer
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Step 1

Collect demonstration data
and train a supervised policy.

A promptis
sampled from our
prompt dataset.

A labeler
demonstrates the
desired output
behavior.

This datais used to
fine-tune GPT-3.5
with supervised
learning.

~
L

Explain reinforcement

learning to a 6 year old.

¢
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We give treats and

punishments to teach...
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Step 2

Collect comparison data and
train a reward model.

A prompt and r\'-l
~
Several mOdeI Explain reinforcement
outputs are learning to a 6 year old.
sampled.
In Ir:a"r‘v'l?n“g:?lmh:m Explain rewards...
agentis...
In gﬂe Weg‘ngatsand
learning... Wni::az;‘iﬂs to
N T 7
A labeler ranks the
outputs from best
to worst. 0-60-0-0
RM
This data is used 2R
" . o o
to train our \.\52{/
reward model.
0-0-0-0

8248

I £ 31 Eb £
g reward (#F)) &5

B—/MEE, it k—% 2
RIS R 4 R A TF A B o
[ 6 % ) EfREE
EILE3S)
9. .0
G We iv?( and
Y
ALK A EEZ
MIFRIIRHE R
0-0-0-0
RM
BT X 542 5| % £
reward (3ff) #EH '\,'W'



“g%ﬁjﬁ%ﬂw — GPT —  “RE—AMFEE
ﬁmu/]\eiz sl«
45 X €&—— | Rewardigsm/£ s

RN —  ‘meEEEg
91':)”JJT g l

o
E=% . AlIIEES A —5‘%1’6%“‘&?11!‘:1%1‘%&%

Eﬂ%/\i%é'@f'ﬂu AlTES Al , BEERRCFIRON ; BERRRFEL Al BEAR=E , BBz, ZNNg , A

BETB,



Step 3 E3IY
Optimize a policy against the HEF F—Hag reward &8,
reward model using the PPO {# A PPO s&{k=3JE Ltk GPT &5

reinforcement learning algorithm.

A new prompt is W Mg
sampled from Wiitaastory %%%;‘g%q:m—ﬁ\ E—AE%
the dataset. about otters. ! KERE S
. PPO PPO
The EROimedells .9 T 1 S, e
initialized from the N Ik AEBEil&EE—1 S i
supervised policy. = &1 S ChatGPT 182 N
The policy generates Sros uponabime:. ﬁi*ﬁ%&ﬁi Moo
an output. —TEZR
The reward model My o e S
calculates a reward N reward M &iF N
for the output. N W EIEHISER N
The reward is used + +
to update the r — reward R 9{T4y r —

policy using PPO. k = AR GPT iR2 5 (ZmiE)



01 B 5k -gpt3.5-turbo-0301

U ‘B BILE?

® ‘'L ERT.

BMA—TEEFNFER (ZEEX)

(ZEEX) BHEBENENAKRIEZ—, BPEHTAXFPSREZNNBNEZ— B O V
B E SRS, fEd 7T PE=ENE (AT 220-280 F) WHEEH, BREENH
SE/NRZE ZE,

MREE , ChatGPT —MERKWNENNFEEETF | BEUEEABARBRIEIE , B3R LIXERISEEXRE
YIZREIERYITE | BRSXRZEEIERENZE , NEMEX LRER "—EStER/\E" .

Message ChatGPT...

ChatGPT can make mistakes. Consider checking important information.
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ChatGPT
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@ You

ENE-TEERHESR (SEE

ChatGPT

From a quick search, here's what | discovered.

(ZEEX) ATREEFFR. Xk, (ZEEX) RHRTRBYINFERT R
FTER—E AN, MESFEBAERNXER, UEARE (I#E) mER,

(ZEEX) BRPFEHHEOARREZ—, £3 (ZETRBEEX) , ZHBIRENLR
FEART=ERNN (. 8. R) NWBENESNF, XENUAEFERIHREBT
MEDNAMERMAREEEERE, NEEXZE . XRMEBZARTE T RIZZNE,

(ZEEX) BFEZRP BT X Fm, BETITZERNHEAY), WXE. X
B K ¥ ERIEERS, ERNEFEXXACRRNTREFHRNAY ., XEHRN
=—EPA SRR, BN REESRIETE.

_ 20231106-gpt4
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ChatGPT
The official app by OpenAl

Hugging Face
1RBIAE T
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BT Transformer I RIESIRE, T AHIREAIT)ZRE0E _ EiH T4, Fu)ll
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(¥) Hugging Face 7.5 modelscope

Models Datasets Spaces
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02 Models

# Use a pipeline as a high-level helper 'D Copy
from transformers import pipeline

pipe = pipeline("text-generation”, model="Qwen/Qwen-72B", trust_remote_code=True)

# Load model directly ‘D Copy
from transformers import AutoModelForCausallM
model = AutoModelForCausallLM.from_pretrained("Qwen/Qwen-72B", trust_remote_code=True)

G;; Qwen  pipe("fEFIF")

1A FEREY



02 Models

from gradio_client import Client

client = Client("https://mikeee-qwen-7b-chat.hf.space/")

result = client.predict(

"ESFF L

# user prompt

256, B # max_new_tokens
1.2, § # temperature
1.1, §# repetition_penalty

2,

None,
api_n
)

print(res

=T
¥+
N
=\

RS

top_k

# top_p

re a helpful assistant.",
# history

e=ll/apill

BT AIKEEFRITRING?

WEMR,

ERs e

# system_prompt

—7b-chat.hf.space

v



02 Models-ZAbiERy

Model Info 7B

REVIRBLZT A

'thank you for your question. | am QianWen, a large language model created by Alibaba Cloud.
How can | help you today?

fREER A XIE

'thank you for your question. @ @ Z2RIE = H ZHIESEEQianWen, B+ AT BT ABEBI{RAING?

R A AR EBIE

'thank you for your question. @ @ ~2#&1, BREHMRNESBEHEN.

AIRERER

'thank you for your compliment.




BB Dataset Viewer
Split

train (5.85k rows)

Q_ Search this dataset

title
string - lengths

6

40

BARMEES
ROENNEEREREEER REEH"?
RIET, FTWXO8. PEithsk, HEE!
REVRIBRHIZS HRIGHE

AR! AR! —IRATAR!

< Previous

02 Datasets

& Auto-converted to Parquet | <> APl Go to dataset viewer

content
string - lengths

122 10.4k

EE=TATHIHEPRZER, JEFSPICARRERR, @EE AZTMNHE THEEBIUT BN
WENEIE, BPICHRE RBIRTIULBMALD, FICHRBEA. NEBEAE®H, RIRRFMIRE..

JEFRASEEZENARENERA TN LMRESRNAZSAEENELRZER, A INENSE
SERERHTELRERE. EMEEEREPRAHEE, #AMEZESEEPTIRMNEEAS. -

XERISAZH. ESNEMRLISEDLATREHR, SRVE"ES"RHEH, “RIL"AR. EAXER
FEE, NS EEMEE, HERE, RTERBNARNRT, ARTIPENR, EEEPEH.

MEMARERETR, & R"BRIEREN, BRLHORBT BENASN TN BHRIA", KX
AL, SHRSNSIRERZ—., 2R10HRETH, AESTARREIEEMRMES AW, “HKHR..

MEMARBEHERAMIRE R, MATIRBHESHZEENARRE, FHSERTERIEPRIRE
fBR5iZRE? ERBANPRBGAREZRRNGENE, EMREEHENEN, SHRBETEETTR..

5228 TF, JEFLSPILESNARGRREFT NN EE, "PEHFZREETAR. IKEAR. ”
“DARBAREL. RERFEAR. TEHNERAR. EFERAR, HELRETRREDENTIRI ..

1 2 3 S 59 Next >

https://huggingface.co/datasets/madao33/new-title-chinese



02 5N Datasets

from datasets import load_dataset, DatasetDict # SARERIENZE

# {#MA load_dataset N&Ei)IZREMIESE
ds_train = load_dataset("huggingface-course/codeparrot-ds—train", split="train") # IEFIIFHELIE
ds_valid = load_dataset("huggingface-course/codeparrot-ds-valid", split="validation") # INEFICIEEIIE

# BINBAOEURAELSA N DatasetDict 444
raw_datasets = DatasetDict(

{
"train": ds_train, # JlZRELIE
"valid": ds_valid, # IRIFEIIE
# R UEXERNEMBEY, ilESE
}

)

raw_datasetsl # BT DatasetDict ZHIROEUEE




02 {§H Datasets

from transformers import AutoTokenizer

# ERTISRENRA—TRICE (AR IRE A AR EE) n

tokenizer = AutoTokenizer.from_pretrained|("distilbert-base-uncased-finetuned-sst-2-english")
def tokenize(element):

# {6 tokenizer #H{THRIMCALIE

outputs = tokenizer(
element ["content"], # ELENXEASR
truncation=True, # XXAFHITHETLE
max_length=context_length, # BEESAKE
return_overflowing_tokens=True, # iR[Ej&HAIRIC
return_length=True, # REFCKEREFER

)
input_batch = []
# EHLENEL, BAEEERKEN input_ids KEE| input_batch
for length, input_ids in zip(outputs["length"], outputs["input_ids"]):
if length == context_length: # WREKEFSHIH
input_batch.append(input_ids) # ¥§ input_ids 0% input_batch H
return {"input_ids": input_batch} # REILEFEH input_ids

# (£ map R RIGBIESHITIRCHLIE
tokenized_datasets = raw_datasets.map(

tokenize, {EF tokenize RELMIE
batched=True, # #t4:E

remove_columns=raw_datasets["train"].column_names # TZ[RigEZ!
)

tokenized_dataset REFREH GRS



02 )I|&/1REF

from transformers import Trainer, TrainingArguments

args = TrainingArguments (
output_dir="codeparrot-ds",
per_device_train_batch_size=32,
per_device_eval_batch_size=32,
evaluation_strategy="steps",
eval_steps=5_000,

S RIS TR
gradient_accumulation_steps=8,

num_train_epochs=1, unwrapped_model.save_pretrained(output_dir, save_function=accelerator.save)
weight_decay=0.1,
warmup_steps=1_000,
lr_scheduler_type="cosine",

if accelerator.is_main_process:

tokenizer.save_pretrained(output_dir)

learning_rate=5e-4, repo.push_to_hub(
save_steps=5_000, commit_message=f"Training in progress step {stept}", blocking=False
fpl6=True, )

push_to_hub=True,
)

trainer = Trainer(
model=model,
tokenizer=tokenizer,
args=args,
data collator=data collator,

train_dataset=tokenized_datasets|["train"], . —_ 4 SEprTS \ s
eval_dataset=tokenized_datasets["valid"], fokenizer ( *’j‘ E%% ) JT_I-S‘ZZI:E??QE*E@EJL)\%EEE’}]%GE

trainer.train()



02 Spaces- A EMEE

iES(q:I‘E.I'7ZB'i§|.iE'DemO H (0 iz

gwen/Qwen-72B-Chat-Demo O (@ F[a) 12 | 24678)&ifI8] | 2023-11-28F %7 ) KEMERIS v P ss
B zEaxyt [ BRRE%

& FI5-72B-Chat o

W7 38 M T i)
Qwen-72B-Chat Boté#

BXFE-72B (Qwen-72B) ZFIEZIHRINEX FRIARE RIIKIT20(2 S HARAIREL,

System

K 1B systemHFIEHH L IHIE

You are a helpful assistant.

& Qwen-72B-Chat



02 Transformers

CO2 emissions for a variety of human activities
Roundtrip NY-SF flight (1 passenger) 900
Average human life (avg. 1 year) 5000
Average U.S life (avg. year) 16400

U.S carincluding fuel (avg. 1 lifetime) 57152

State-of-the-art LM training
Bigscience workshop, incl. experiments
Approx. 200B parameters

75200

0 10000 20000 30000 40000 50000 60000 70000

CO2 emissions (kg)

H=ESRE |, aILAREE

7R E)|

RIS DR ELERE | FREE kAR B R AR



02 Demo-FHEIAT

BHEAWN—N , SLERHEA]



02 Spaces FrRZEHI

DEMO1
https://colab.research.google.com/drive/1qC3VclLRZG_hUMIi4dXVgEJGSWgk
dc-Imheusp=sharing

N4AE : https://huggingface.co/spaces/stabilityai/stable-diffusion

NFERMS Zhttps://huggingface.co/spaces/HuggingFaceH4/zephyr-chat

HI=X . hitps://huggingface.co/chat/conversation/65784867aeb8e3%e6bc4b983
HI=X . hitps://modelscope.cn/studios/gwen/Qwen-72B-Chat-Demo/summary

{5 : https://huggingface.co/spaces/deepseek-ai/deepseek-coder-7b-instruct
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S FEZAREHEK
@ devv https://developer.aliyun.com > article
- =IAT2012 S EFERIQwer

(202312820 } MEEEFET720
EEE'E*E r#— .'i‘ E’\J%ﬁ—ﬁ Al ;ggg I E*g MRRTFHRIREL, ZARELE3T5{Ztoken:

CSDN{g®

https://blog.csdn.net » article » details

fIEEEFIR T 72012540
[2023% 12858 4 Qwen-72B1E A2 %
EZMESHIEN, ANESTRB. |

~ Datalearner
=~ https://www.datalearner.com » blog

You s fl £ BB HREERNRASE
Qwen-72B-ChatFFRE KIEELI N3 2023512 1 F - Chen-72B R

BIESESTH, RXEFSMESHE

ChatGPT

EBIEH, BERELFIRENNE (20225F) ZH], EHEEXT"Qwen-72B-
Chat"XTHRABRENES. AERXE—TERREEMANIREZER MR
8, HAXT"Qwen-72B-Chat"RFEE, MAIMEFBAXNZRARILX . BEAH K
SRIHEXRTX, DREEZFMES. XMERT, BERTREMNRAZRZES
EEBf,

@ devv_

Qwen-72B-ChatFHERERIN 43 X g -
EIZEES: EEHX

=

48Qwen-72B-ChatFF i A& R

Qwen-72B-Chat 2 EEES#HHAN—FIFRAKER, E2QwenRIIN—Ey, BTERMELHNBER
EEMBERITEINEE., Qwen-72B-Chat27EQwen-72BE R T T4, EFFIFNERES &
B{FS,

[

Qwen-72BiEEIHER
Qwen-72B2—fRE T TransformerZ2fIiEEL, BB IRANI0ZSE.
ZAEBEBI IR ZIESHIBRE S HIT TS, SIREREXAPXHXA, KEBTIHENS.

EZIESF, Qwen-72BREAMEAERBHE T GPT-3.5, HEMBMIHESPIIMNTLLaMA2-
70B,

Qwen-72B-Chatf94§1%
Qwen-72B-Chat@Qwen-72BRIL LIRS, T THEFESLIRES.
EEBEAWNIE. XARE. ZESE. RRERURRBERNGITEFINEE.
Qwen-72B-Chati& B 7E — R IIE LIRS DA TR ONIMERE LSRR,

Qwen-72B-Chatfi5 S L IBEES
Qwen-72B-Chat MYXZIFX AN, TEEAMEZSTETMAN, HEMIARHE.
ZIEREIEF IR ZIE IR MRE AN EREE T RIS HNE S, THFEFTHIE,



@ You

Qwen-72B-ChatFFRAIREN A, BXWiAR], RN A

ChatGPT
Qwen-72B-Chat2[EEE R HN—M AR ARIESEKE, EiSeETIHESIAT20
CNZEHE. ITRETEZESHESE LIESZ T, WET 8FRENPXERN
XA, REBHHRFEAD, SHBEI3HZHFRIC (tokens) (1],

Qwen-72B-ChattVizit BRUZMTEMN AR, HHIREBRESER. BELEN
RESHERILE, EEZTEENEPEHN 7 il —LLEEER, WMetal
LLaMA2-70BF]1OpenAIfIGPT-3.5 1],

FRE R DABIIHugging FaceF&{#FAHQwen-72B-Chatt& Y, Hi8id Transformers/ZE3E
SIE, ZREXIGARYE. IBENBERNESRESFNE. EXNASRE &R
RAEAF—ENER, [HAEXNGPUAZRERESMNER, LTHEEREFERAESRERER
bf16/fp16F0int4RT (1) ,

B* 7 Qwen-72B-Chat, [IEEEZREAT 7 Qwen-Audio, XZ—REM TIESZHMAID
BERFPR AR EIMESRE, X MEELEE T OpenAlR B M4RIZ83 Whisper-large-v27(]
Qwen TBIESEE!, HEEIOZNEMES LH#HITTIIL, BIEMEFIRBIEE RinA
HIfEE. Qwen-Audio §ELMEZHNSEMMANNA, EEESIRFIMEMH SRR
EEMAPEBEIS 7 AR SR 01,

XERBNETMRT T EEERERHAATEERALTENFRE, UERSFRTXHN
k. QwenZR7Fl, E1#EQwen-72B-ChatflQwen-Audio, R THEIESAIE. ZIhEEH
AN AN A EMNATESEENEREHED,

<3/3> OO PO



REDXEET A e

R deepseek

DeepSeek Coder H—&RFULIBIESHERIAER ,
B MEBERME 2T ShE_EMSLFH )% ,
87% BHFNFIALEE |, 13% 2BAES. &
(I HRMZFRTEUCASEER |, SEEIM 1BEI33BIR
AR, BMEEENEILER 16K BIBAX/NFOE b
RS EI B RACEIERE_ #7114 |
LASAFIMBE RSt efliETE. ERmiBeeNAH |
DeepSeek Coder M IRIFIESTISFIEHE
XA FFRCAEIRE S T &RSTIHRIIERE.

JavaScript

Java ' Bash

TypeScript
o CodeGeeX2-6B o— StarCoder-16B
o— CodelLlama-13B o CodelLlama-34B

—@— DeepSeek-Coder-7B —8— DeepSeek-Coder-33B
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GITHUB COPILOT: CHAT @ parse_expenses.py X addresses.rb 1 sentiments.ts

GitHub Copilot import datetime

Hi @monalisa, how can | help you?

I'm powered by Al, so surprises and mistakes are possible. Make sure
to verify any generated code or suggestions, and share feedback so
that we can learn and improve.




2023AIKIE S EAITOP10
RK A Pl %ae
H % AMB=S, EB2EMNN) & RL IR I (70%) FRASHER) BL5AM(10%) 1 ChatGPT OpenAl 92.5
1 GPT-4 79.11% 81.44% 71.43% 78.18% 2 Xb—5& HE 87.5
2 Xi—a8 (v2.2.0) 76.18% 76.98% 72.38% 78.18% 3 PalLM A 86.5
3 ChatGPT 3.5 73.11% 73.03% 74.05% 71.82% - flauce Anthropic 8.0
5 LLaMA META 83.5
4 Claude (v1.3) 71.48% 73.23% 63.81% 74.55%
5 WEEX (vi5) 66.67% 66.87% 64.76% 69.09% B BT PR = gl
v ChatGLM EiE 81.5
6 WX FiE (v1.0.3) 61.35% 59.79% 63.81% 67.27%
8 MOSS g-1=! 80.5
7 xTI (v3.5) 61.16% 64.51% 50.48% 59.09%
9 MIMO MiniMax 79.0
E BENE=LRRE TN EBS A0+ RESAMA0% BTFIHENRM. HENRRIBHIESRE], FKFEE 10 B KIAH BRI 77.5
RATBRBFE—ETNM, REEBFA—SRAOHRE, THEELEE X20238E68308. 2023 OSHEAS e Nt e L X P T

(NEURRS=E
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@ ® FmE

A EE | A R | BBAA | SamEE

EaTE

4 EK3HFE 2023/12/12 11:46:09
IR E AT 8]

47 &33E 2023/12/7 19:16:39
IR[E “i)[a){E AR

12 &3 HE 2023/10/18 17:25:46
RETE

22 &34HE 2023/9/6 11:28:50
FR G

62 ZXE 2023/11/21 11:24:33
&  piEE 559

4 FINE

)

ROEE-OEREENGE, BREEATEAKR. AEMEFNIES, RIEEE
WIRENEN. ERAMEBRIAENEMNLE., ROFHERARRANE
EEER R BT R RIMIE.

R &

)

R FESHLIEZBEEABIEE (Mount Everest) , B FESAIMLLAK, HhitE
JRRFIRE (TR #iLsfiE L. HRZEIBIENBIRSE98,848.86K (29,031.75%
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03 ChatGPT API

curl https://api.openai.com/vl/chat/completions \
\
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03 API

nodejs v (P Copy
OpenAI
openai = OpenAI();
() L

completion = openai.chat.completions.create({

[{ : ;

g |
2
3
4
S
6
7
8
9

});
console.log(completion.choices[0]);

3

main();

B s “import” “API"
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2023-12-10 (+Bt/\) PR R W T e

B Frrar8 FO AR S R ek %ege FFFre wwwwww ===
2 BERITE

N . 5
1. hgA | R REEASSEELTR , TRReaonEeE  (CNACPTIRE -] L
x5, 12810-11 BH LS B RS ; 1, dbEikER , FFEFEEZSE  IRERE | HITHEE.
2. BARM "KRTNRICHERESIHOEN " B12R1IEERER , RESE ) HafIEssEEBHERE | B RIS,
EIRIYTARERT7 S%ILEN ; e A i1 A=l s S e
3. ERFEDUNE | RERRNEESBHMEAREN , NBLT : AAREE o> W%fé¢m1734%%:UE?fﬁ}Iﬁ , 45 Wg&ﬁg;&gg
BEELEENIEERS , T  ibN@EIREY ; 4. LELZ2EESANBED  ENATLZmEaEtE2ihE.
4. 78, MIERE—2%)LEN2GREEST , MiEE : MRA—RSMEERENE 5 SHEERIE|EHL%T | =P INY)SLETS(T | (RERENES,
¥, BPREHL ; . e \ SEit
=E; pravVj 8
6. WM : HEEMEREET OB , BRSBTS ERE ; ¥ : NlkemeEs
(REEEITRF  SEFOFING



03 - RIER XS

FBIIRENE ) dataDetailList T bglmgUrl B9FE%, F3 JavaScript

5

}s

// BJH data RIS dataDetaillist SKilR
data.data.forEach(item => { 1 D json¥iE
// BHB dataDetaillist ARIXIR, FHIREX bgImgUrl ZFEX E .
item.dataDetaillist.forEach(detail => { "ZZS;'_:[{1'
const bgImgUrl = detail.bgImgUrl;

"dataDetailList": [{... BEEEZ
console.log(bgImgurl);
})s 2 [ json#iE
e -jpg",
2 "dataDetailList": [{
"picture": [{
X Eﬁ{%ﬁgAﬁ,— data S(j-%q:ﬂl]g/\ dataDetaiI - #Eﬁﬂj%/l\ "displaylndex": 0, ... BEEEZ

dataDetailList 789 bgimgUrl ZFEX1{E,
B {ER%{E.

ARYE S FRIFRH TH—F L 3 [ json#iE
.."bgimgUrl":
"//imageprexg.cnsuning.com/uimg/scdc/exchange/166141291314621083.png",
"goodsList": [{

% o ﬁ "biaoQian": "{EiH-IBF T @m", ... BEEES
X
wE ‘Juﬁ ~y—
EEXE > ..'."imgName": "=Eh",
"imgUrl":
"/fimageprexg.cnsuning.com/uimg/scdc/exchange/166141214382356421.png",
HREE "linkUrl": "https://jinrong.suning.com/scms/waprxf_kxjcopy2.html",. EEEZ
RSEETENNBATREEIESHIIMMN B E X AR, BRI ASRERFPERMINRERIGREEXNE D 5 [ jsondiE

T= json#RiE
= Xk BETH: 19:45 7 X
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S BGMIZHD2332RD-22RHL B KER Z /D s D ER
h
{
RIER ISR, SeEBRI4HD2332RD-22REIH B K E LB [1] "queDes": "FRA/RIHEE LR IRE SFA0HC1908H N5 =X B+E THUM/LF? ",
? = ° "answer": "AB"
HEBNEZEXNEBMEE. IREEEMOH, HERNANEEE, 1
BEEXRER > "queDes": "BI4E SO ProfiBE120HzR@EEE8? ",
"answer": "ABD"
h
SEs2 IR R HD2332RD-22REHZ N SE SR E IR 2 {

"queDes": "FEBMIZHD2332RD-22RAIZ/\E B A EFROE? ",
"answer": "ABCDE"

h
[ . ~ {
RIEXRPHER, KLEBRLZHD2332RD-22RMNZNSE iR I 2 "queDes": "KiEHEFIRH CGS 10FW7EUTHIA...
ABCDE [3].
4 bE=R
XARGCEBHENZOEREE: A BE MRz, B. FAMAN - FAKiHlL CCS 10FW7EVTHIARERRZ? ",
MERHIE, C. BREILERMNIFR, D. BRE, E BEBERRIFIEAL }answe“ <
S . SEES
FEXN O EFER I NR A EHA /R, BRI, 5 [ &E
LWEHLVRERE0.3E, BTz EAR",
Eg*ﬁ > llanswer": ||B||
h

It
i
i
()

Mo O @ O (.
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AN 4
Prompt g4 B #nF

Beautiful girl in the snow.

X

Negative prompt g5 B #E
R#¥ (sampler) Euler a
#E (model) majicMIX realistic ZH&5SE
18%M (CFG scale) 7
S (steps) 20
BEHLT (seed) 4020496561

S A 1

Beautiful girl in the snow. %

Ay Eih a8 551 )R - T stable-diffusion-xl-base-1.0 #&£#!
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/f  HETIEEEER AR
Prompt gH FE #hF

Big chest cute girl by the seaI

Negative prompt S5l [ #F
X#¥ (sampler) Euler a
EE (model) majicMIX realistic Z4%5 5L
f8%1% (CFG scale) 7
S (steps) 20
BEALFR (seed) 2919199889

Big chest cute girl by the sea v ’ ¥ SHIAE R EGE

ZAvh B EE 124 )X - T stable-diffusion-xl-base-1.0 £ 5!
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ChatGPT
BRI ZME 2B EEERNAE, BRIIZERTHAFCZEHKEN EEENITE, 7

MRMHEZHNRRER, MAE—TAIEEIESRE, EBERERESHIEME
R, EFE)RBMFEITIIIE,

SEES|IZEMLE, BELDETTSARM, REEMEH. RANEE, AEEERP
BlERIA 2 EMEREANRG, BRSIZBiRE T AEER, ERNEFEmE. BiE
MIEfFXEER, MBENEHEZRUANERNA N NAFRHEHE,




03 AP

Which functional groups in your company What do you believe is the top benefit of generative Al?
are you aware of using generative Al?
I don't know
IT 30% Employee productivity
There's little to no benefit 6%
Operations 23% 6%
o
Customer Success 20% 23%
Marketing 18% Brand consistency 10%
Support 16%
Sales 15%
HR 15%
13%
Learning & Development 14% Faster time-to-market
d d
Frstuctedtian 2%
R&D 9%
Higher-quality output
Legal 8% 20%
None 10%
1 don't know 12% Cost savings

Single selection
Multiple selection 9
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* [Intfroducing ChatGPT](https://openai.com/blog/chatgpt)

« [Aligning language models to follow instructions] (https://openai.com/research/instruction-following)

« [OpenCompass](https://opencompass.org.cn/leaderboard-lm)

* [Introduction - OpenAl API](https://platform.openai.com/docs/infroduction)

« [Qwen/README](https://github.com/QwenlLM/Qwen/blob/main/README_CN.md)

- [RFER - Hugging Face NLP Course] (https://huggingface.co/learn/nlp-course/zh-
CN/chapterQ/1etw=pt)

o [MUE_LZF] (https://huggingface.co/docs/transformers/v4.27.2/zh/quicktour)

« [Transformers 24a T{ERY] (https://huggingface.co/leamn/nlp-course/zh-CN/chapterl/42fw=pt)

« [GPT4All](https://gpt4all.io/index.html)

.« [LiblibAl 1EFRIEARAl - FESRIERIAIBIHETES] (https://www.liblib.art/)

- [ChatGPT &ge/\Bh3F] (https://chatgpt. 12050231 .xyz/#/)
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